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Who is Gravy?

quiz rating system



collect food review 
data

relevant 
recommendations

Recommendation platform that wants to 
 and sell it to companies



Gather consumer data and food preferences 

through  and interactive 

Use resulting taster type (virtuoso, captain, 

or pioneer) to provide value by creating 
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Problem Statement
3

The initial ask was to create an 
exploratory hypothesis 
regarding what causes 

someone to like a food or not
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Gravy Quiz Questions
4
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Taster Profiles
5
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Datasets: Food Preferences
6

user id for each 
person who has 
taken the quiz

food id for each food a 
user has interacted with

how each user 
voted on certain 

foods 

whether or not 
a user saved a 

foodthis table was used to 
join unique user and 

food ids across tables
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Datasets: Food Info
7

unique food 
id and 

serving info

nutritional 
content

ingredients

Introduction Graphs and Analysis Genetic Algorithms Next StepsDatasets



Datasets: Taster Profiles
8

user id and 
associated 
taster type

how users 
ranked certain 
sample foods 

and tastes

predictive accuracy 
questions

user habits questions
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Datasets: Transformations
9

dummiesManually tagged data and turned variables into 

Graphed the frequencies of each tag relative to the list 
of liked foods(%) for each taster type

unique list of liked foodsGot a  for each taster type
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Datasets: Transformations
10

pioneers: 111 unique foods virtuosos: 40 unique foods

Foods liked by each taster profile

captains: 157 unique foods
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Datasets: Transformations
11

Calories (kcal) 

Daily Value: 2000

High: 400 (20%)


Low: 40 (2%)

Carbs (g) 


Daily Value: 275

High: 20%

Low: 3%


Protein (g) 

Daily Value: 51


High: 20%

Low: 5%

Fat (g)


Daily Value: 60.5

High: 20%


Low: 3g/ serving

Sugar (g)

Daily Value: 30.5


High: 22.5%

Low: 5%


Sodium (mg) 

Daily Value: 2300


High: 460, 20%

Low: 115, 5%

Fiber (g) 


Daily Value: 27.5

High: 20%


Cholesterol (mg) 

Daily Value: 300


Low: 20mg
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Datasets: Transformed Data
12

for each 
taster type, 


a list of 
unique rated 
foods were 
generated

foods were tagged by food catergory 
(i.e. “snack”, “ingredient”, etc.)
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Hypothesis 1: Taster Profile Affinities 
(Taste)

13

sweet, 
salty, and umami

relatively higher 
preferences for 

 across 
all taster types

distaste for bitter 
and spicy

general 
 foods across 

taster types
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Hypothesis 2: Nutritional Tag Frequencies
14

low cholesterol”“
foods catagorized as 

 are 
the most popular 

not much 
variation

there is 
 between the 

nutrient preferences of 
different taster types
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Hypothesis 3: Affinities to Organic and 
Processed

organic foods

general preference 
for 
over processed
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Validation: Pioneer Food Preferences
16

Foods liked: 112

Foods disliked: 87

Hypothesis: Pioneers have a lower tendency to dislike spicy foods


contradict

High percentage of dislike 
votes towards spicy foods 

 with hypothesis
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Validation: Virtuoso Food Preferences
17

 insights for bitter 
foods and high fiber foods


Contradictory

 insights for spicy, high 
protein and high sodim foods

Aligning

Foods liked: 40

Foods disliked: 40

Hypothesis: Virtuosos have a lower tendency to dislike spicy & high fiber foods

higher tendency to dislike bitter, high protein and high sodium foods
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Analysis of Graphs

Our hypotheses don't seem to 
say anything very conclusive, 
which suggests that a more 

sophisticated recommendation 
algorithm is needed.
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Genetic Algorithms Introduction

1

2

3

4

Imitate natural selection

Minimal data requirements

Inherent adjustability

“White Box” interpretability
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Objective
20

Introduction Graphs and Analysis Genetic Algorithms Next StepsDatasets

Maximize the number of good recommendations

Run every single food through the algorithm and get the 
top matches

Consider other factors to filter recommendations

Has the user seen this product before?

Personal preferences

Allergies/ dietary restrictions



Transforming Data for Optimization

and weights…
objective function with proper inputsTo develop a scoring system, we first need an  

proportion of real matchesWe look at the  as a measure of the model’s performance 
(fitness)
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Initializing Population
22

Agents/Individuals
Each agent is a model 
for recommendations

Adjusting its weights

1 2 3
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Evaluate Fitness and Ranking

Fitness function based on matches


Ranked selection


Automating recommendations
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Crossover and Mutation
Crossover

Mutation

Combine agents to 
create a new 
generation

Slightly alter the new 
population to maintain 

diversity
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Termination

Repeat process


Terminate when we’re not improving anymore


We get an agent that will be our model for the 
recommendation algorithm


Rerun/retrain algorithm with new data

1

2

3

4
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Next Steps

Collect more data to build 
a better understanding of 

what ‘good’ and ‘bad’ 
recommendations look like

Test other features to see if 
we can find better 

predictors
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Questions?


